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Takigawa I, Kudo M, Nakamura A, Convex sets as prototypes for classifying patterns. (EAAI 2009)
Takigawa |, Kudo M, Nakamura A, The convex subclass method: combinatorial classifier based on a family of convex sets (MLDM 2005)
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Fig. 4. Subclass covers and decision boundaries. A relaxed subclass cover with balls
of £ =1, and a class cover with Class Cover Catch Digraph Method (Priebe et al.,
2003) are also shown.
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Fig. 3. (a) An example dataset consisting of 2 classes, (b) the subclass covers of each
class by Algorithm 2 including the “spiky” convex hulls, (¢) the minimum spanning
trees of each class for the complete proximity graphs on the positive samples, and
(d) the subclass cover of each class by Algorithm 3 using the trees (c).
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Figure 8 | Dream reactions towards artificial photosynthesis. (a)
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